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#1 Emotion: Anger

A: I didn't even think about that!

#2 + & Emotion: Neutral
(" B: Hey Pheebs, I'm-I'm taking Charlie shopping, )
why don't you come and I'll help you find

something.
#3 ¥ Emotion: Joy
A: OKk, that'll be great!
#4 Emotion: Disgust
_| C: Oh, ain't that nice? The three of you trying on
g such terrible together.
#5 | Emotion: Disgust

B: That's not what we're gonna do!

<«—— conversation thread 1

<«—— conversation thread 2

Figure 1: An example of a multi-party conversation
from MELD dataset.
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However, since emotional interactions among
speakers are often more complicated within the
entangled multi-party conversations, these works
are limited in capturing effective emotional clues

INn conversational context.
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Figure 2: The overall architecture of our proposed model.
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Utterance-Level Feature Extraction
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— Implicit Detachment

Ty IDGI™ = { 0, if j <= i and §{u;) = (u;)

—00, otherwise
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i i g R DA G F' = ReLU(FC([C, G",C — G*,C ® G")),
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Implicit Detachment . .
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Feature Extraction Mutual Conversational Detachment Emotion Recognition (8)
where I € RV >4 and FC is the fully-connected
layer.
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Mutual Module
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Dataset Dialogues Utterances

Train Val Test Train Val Test

EmoryNLP 713 99 85 9934 1344 1,328
MELD 1,039 114 280 9,989 1,109 2,610

Table 1: Dataset statistics
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Model EmoryNLP MELD
ERMC Methods
ConGCN - 57.40
DialogXL 34.73 62.41
ERMC-DisGCN 36.38 64.22
= Model EmoryNLP MELD
ERC Methods with CSK
KET 3439 58.18 MuCDN 40.09 65.37
oy S s w/o explicit detachment 38.45 64.45
-Net - 63.24 A
SKAIG 38.88 65.18 w/o implicit detachment 38.84 64.47
COSMIC 38.11 65.21 w/o E2I interaction 39.28 64.61
T ROCE 3l ks w/o 12E interaction 39.54 64.56
ERC Methods without CSK
DialogueRNN 317 57.03 .
DialogueGCN . 58.1 Table 3: Results of ablation study on the two ERMC
IEIN - 60.72 - L — o
SEa 5445 s df:ltasets. ]_5.21 mteractu?n' is the relative pns_ltmn en_lbed-
DialogueCRN - 58.39 ding provided by explicit detachment, while I2E inter-
DAG-ERC 39.02 63.65 o - -
action is the complementary global information from
MuCDN (Ours) 40.09 65.37

implicit detachment.

Table 2: Comparison of our model against state-of-the-
art baselines. CSK represents the commonsense knowl-

edge utilized in COSMIC. Weighted F1 score is adopted
as evaluation metrics.
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Model EmoryNLP MELD
MuCDN 40.09 65.37
sequence 39.05 64.51

randomness 38.72 64.71

Table 4: Results of our model replaced with different
types of dependency structure connecting utterances in
Explicit Detachment module.

| B B B N a8 B |

Model EmoryNLP MELD
MuCDN 40.09 65.37
w/o intra and inter GRU 39.42 64.49
w/o intra and inter graph 38.91 64.46

Table 5: Results of our model without speaker-specific
modeling.
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